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Abstract  

 
Generative artificial intelligence (GenAI) has intensified debates about academic 

integrity, authorship, assessment validity, and the future of teacher judgement in higher 

education. Yet the discussion should not be reduced to whether AI should be prohibited 

or accepted. A more educationally productive question is how AI may be designed and 

bounded to support assessment for learning, feedback literacy, evaluative judgement, and 

ethical self-assessment. This brief communication presents a reflective practice account 

from AMU60104 Assessment in Music Education Research, a master’s coursework 

course involving 18 consenting students, most of whom were practising music teachers 

in primary, secondary, or private music education settings. A customised GPT, 

AMU60104 Assessment & Feedback Assistant (M251PM2), was introduced to support 

students’ self-assessment after they had posted weekly reflections in the learning 

management system. Students were guided to use the tool to understand rubrics, identify 

strengths and areas for improvement, and strengthen future reflective writing, while 

being explicitly instructed not to use AI to generate their reflections. Interpreted through 

feedback literacy, evaluative judgement, relational validity, and situated AI ethics, the 

practice suggests that AI-supported assessment is educationally defensible only when it 

preserves student authorship, strengthens human judgement, and deepens assessment 

understanding. As a reflective practice account, the paper focuses on students’ 

perceptions and experiences of using GPT-supported feedback rather than evaluating the 

content of individual prompts, AI-generated responses, or the technical accuracy of the 

feedback provided. The paper argues that the value of AI in assessment lies not in 

replacing teachers or automating judgement, but in mediating students’ engagement with 

criteria, evidence, feedback, and ethical responsibility. 
 

Keywords: Generative AI, Assessment for Learning, Feedback Literacy, Evaluative Judgement, Self-Assessment, 

Music Education, Rubric-Mediated Feedback  

 

 

INTRODUCTION 
 
The emergence of generative artificial intelligence (GenAI) has unsettled conventional assumptions 

about assessment in higher education. Since GenAI systems can produce fluent text, generate 

explanations, summarise materials, and simulate feedback, educators are increasingly required to 
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reconsider the relationship between student authorship, academic integrity, assessment validity, and 

teacher professional judgement. Much of the institutional conversation has focused on detection, 

prohibition, and the prevention of misuse. Recent assessment scholarship also suggests that the 

challenge of GenAI should not be reduced to detection alone, because teachers’ ability to identify AI-

generated work is shaped by institutional, behavioural, contextual, and workload-related factors as much 

as by the technical sophistication of AI systems (Niloy & Huda, 2025). These concerns are legitimate 

because assessment loses meaning when submitted work no longer reflects the learner’s own 

understanding, effort, or judgement.  

However, a purely defensive response may also narrow the educational imagination. If AI is 

framed only as a threat, educators may overlook its potential to support assessment for learning, 

particularly when AI is used not to generate student work, but to help students understand criteria, 

interpret feedback, and improve future learning. Authentic assessment has therefore become 

increasingly important because it shifts attention from policing final products toward designing 

meaningful tasks that require contextual judgement, personal engagement, and evidence of learning 

(Gedera, 2023). Assessment for learning has long emphasised that assessment should not merely certify 

achievement but support learning while it is still developing (Black & Wiliam, 1998; Wiliam, 2011). 

This view is closely related to formative assessment, where feedback helps learners recognise the gap 

between current and desired performance and take action to improve (Hattie & Timperley, 2007; Nicol 

& Macfarlane-Dick, 2006). Yet feedback does not automatically lead to learning. Students must 

understand, evaluate, and use feedback meaningfully. This has led to growing interest in student 

feedback literacy, defined as the capacities and dispositions needed to make sense of feedback and use 

it for improvement (Carless & Boud, 2018). In the age of GenAI, feedback literacy must also include 

the ability to judge AI-generated feedback, because students may increasingly encounter machine-

produced comments, suggestions, and evaluations. 

The concept of evaluative judgement is equally important. Tai et al. (2018) define evaluative 

judgement as the capability to make decisions about the quality of one’s own work and the work of 

others. This capability is central to higher education because graduates must eventually make quality 

judgements beyond the immediate guidance of teachers. Bearman et al. (2024) extend this argument to 

GenAI, arguing that students now need to develop evaluative judgement not only of human work, but 

also of AI outputs and AI-supported processes. This is especially relevant in assessment contexts where 

students may be tempted to treat AI feedback as authoritative. The educational challenge is therefore 

not simply to allow or ban AI, but to design assessment conditions in which students remain active 

judges of quality. 

This brief communication responds to that challenge through a reflective practice account from 

AMU60104 Assessment in Music Education Research, a master’s coursework course. The course 

focuses on theories, methods, tools, data interpretation, reliability, validity, ethics, and implications of 

assessment in music learning. This context is significant because music education assessment involves 

more than technical measurement. It requires situated judgement about musical behaviours, 

performance, creativity, classroom evidence, assessment fairness, and pedagogical implications. In such 

contexts, rubrics may support transparency, but they do not remove the need for interpretation. Students 

must still learn how to connect assessment criteria with authentic teaching examples and professional 

reasoning. 

Within this course, a customised GPT named AMU60104 Assessment & Feedback Assistant 

(M251PM2) was introduced to support students’ self-assessment in Assignment 1, Weekly Reflections. 

The tool was designed to provide constructive academic feedback based on detailed assignment rubrics. 

Students used the tool after posting their weekly reflections in the learning management system. Its 

purpose was to help them understand the rubric, identify strengths and areas for development, and 

improve subsequent reflective writing. Importantly, students were explicitly instructed not to use GPT 

to generate their weekly reflections. This ethical boundary is central to the argument of the paper. The 

GPT was not positioned as a substitute author, autonomous marker, or replacement for lecturer 

judgement. It was positioned as a rubric-mediated feedback companion. 

This paper therefore argues that the educational value of GenAI in assessment lies not in 

automation, but in mediation. When carefully designed, AI can mediate students’ engagement with 

rubrics, criteria, feedback, and self-assessment. However, such mediation is only defensible if it 

strengthens rather than weakens human judgement. The paper contributes a critical-reflective account 
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of how AI-supported assessment may be aligned with assessment for learning, feedback literacy, 

evaluative judgement, relational validity, and situated AI ethics. 

 

 

CONCEPTUAL POSITIONING 
 

This brief communication is positioned at the intersection of assessment for learning, feedback literacy, 

evaluative judgement, relational validity, and situated AI ethics. These perspectives are used not to 

construct a full theoretical model, but to frame how GPT-supported self-assessment may be understood 

as a pedagogical and ethical assessment practice. The conceptual positioning is therefore deliberately 

selective: it focuses on the assessment concepts most relevant to the reflective practice described in this 

paper, particularly how students interpret criteria, engage with feedback, exercise judgement, and 

maintain responsibility when using AI-supported feedback. 

 

1. Assessment for Learning and Formative Feedback 

 

Assessment for learning provides the first conceptual anchor for this brief communication. Black and 

Wiliam’s (1998) seminal work established that assessment can improve learning when evidence of 

student understanding is used to adapt teaching and support learner progress. Later work continued to 

emphasise that assessment for learning depends on feedback, classroom dialogue, learner involvement, 

and the use of evidence to inform next steps (Black & Wiliam, 2018; Wiliam, 2011). This is important 

because AI-supported assessment should not be evaluated only according to speed or efficiency. The 

more important question is whether AI helps learners understand quality and improve future work. 

Feedback research further clarifies this point. Hattie and Timperley (2007) argue that effective 

feedback addresses where learners are going, how they are progressing, and what they need to do next. 

Nicol and Macfarlane-Dick (2006) similarly propose that good feedback supports self-regulated 

learning by clarifying standards, facilitating self-assessment, and encouraging dialogue. This also 

resonates with broader university assessment scholarship, which emphasises that effective assessment 

should make standards visible, support learner participation, and create opportunities for students to 

use feedback for improvement (Carless, 2015). Adarkwah’s (2021) narrative review reinforces that 

feedback is powerful when it is specific, timely, supportive, constructive, and integrated into teaching 

and learning. Lian Zhao and Ting (2025) also show that supervisory written feedback can function as 

formative scaffolding, helping students move closer to academic writing conventions across successive 

drafts. 

These perspectives matter because GPT-generated feedback may appear useful due to its 

immediacy, clarity, and accessibility, but its educational value depends on how students use it. If 

students receive AI feedback passively, the process may reproduce dependence. If they use AI feedback 

to compare their work against criteria, identify gaps, and plan improvement, then AI may contribute to 

assessment for learning. 

 

2. Feedback Literacy and Evaluative Judgement 

 

Feedback literacy offers a second conceptual lens. Carless and Boud (2018) argue that students need 

to appreciate feedback, make judgements, manage affect, and take action. This reframes feedback as a 

learner capability rather than a teacher transmission. Recent work also suggests that feedback literacy 

develops through repeated, purposeful, and coherent practice in which learners seek, generate, process, 

and act on feedback (Wu et al., 2025). Peer evaluation can also strengthen feedback literacy by 

requiring students to judge quality and provide constructive comments, not merely receive feedback 

from authority figures (Song et al., 2025). 

Evaluative judgement deepens this argument. Tai et al. (2018) define evaluative judgement as 

the ability to make informed decisions about quality. In assessment practice, this means students must 

learn to interpret rubrics, compare examples, recognise evidence, and make reasoned decisions about 

what counts as good work. Bearman et al. (2024) argue that this capability becomes even more urgent 

in the age of GenAI because students must evaluate AI outputs and AI-mediated processes. Self-

assessment is also relevant here because students need opportunities to monitor the quality of their own 
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work, interpret standards, and develop confidence in making informed judgements about improvement 

(Panadero et al., 2016). GenAI does not remove the need for judgement; rather, it increases the need 

for judgement because students must decide whether AI suggestions are accurate, relevant, ethical, and 

contextually appropriate. This concern is consistent with Sadler’s (2010) argument that integrity in 

assessment depends not only on grading procedures, but also on the fidelity with which standards, 

evidence, and quality judgements are interpreted. 

This is the central theoretical move in this paper. The AMU60104 Assessment & Feedback 

Assistant (M251PM2) is not treated as a tool that improves learning by itself. It is interpreted as a 

potential trigger for feedback literacy and evaluative judgement. Students had to decide whether the 

GPT feedback was useful, too general, contextually appropriate, aligned with the rubric, or in need of 

adaptation. In this sense, the pedagogical value was not simply in the feedback produced by AI, but in 

the judgement students exercised in response to that feedback. 

 

3. Relational Validity and Situated AI Ethics 

 

A third lens is relational validity. Din Eak et al. (2025) propose relational validity as a framework that 

extends assessment validity beyond technical accuracy toward coherence among evidence, 

interpretation, dialogue, ethics, fairness, and educational consequence. This is useful for AI-supported 

assessment because the validity question cannot be reduced to whether GPT comments are 

grammatically fluent or apparently correct. The more important question is whether the practice 

strengthens meaningful assessment relationships: between criteria and evidence, between learner and 

feedback, between teacher judgement and student self-assessment, and between ethical boundaries and 

educational consequences. 

Situated AI ethics also supports this position. Gartner and Krašna (2023) argue that AI ethics in 

education should address autonomy, privacy, trust, and responsibility. Gaur et al. (2024) similarly 

emphasise that AI in education creates opportunities for personalised learning and adaptive assessment, 

but also raises ethical concerns about data privacy, bias, accountability, and inequality. Mazlan et al. 

(2026a) argue that AI ethics research is shifting from abstract principles toward situated professional 

judgement, human–AI collaboration, trust, and interpretive practice. This practice-based view is 

important because educators do not enact AI ethics only through policy statements. They enact it 

through everyday assessment decisions: what uses are permitted, how students are guided, how 

authorship is protected, and how human judgement is preserved. AI literacy is therefore not merely a 

technical skill, but a critical educational capability involving prompt awareness, ethical use, and the 

ability to evaluate AI-generated information rather than accepting it uncritically (Walter, 2024). 

Finally, modern learning literature suggests that AI-supported assessment should be situated 

within broader transformations in learning design, digital feedback, learner agency, and professional 

judgement. Bizami et al. (2023) show that heutagogy, peeragogy, and cybergogy can support 

immersive blended learning when pedagogical principles are aligned with technological affordances. 

Mohamed Sapawi and Nik Yusoff (2025) further argue that AI is reshaping curriculum development 

through personalised, efficient, and responsive learning design, while also requiring attention to 

implementation challenges and strategic direction. Mazlan et al. (2025) similarly show that modern 

learning research is increasingly shaped by digital technologies, artificial intelligence, adaptive 

learning systems, competency-based education, digital literacy gaps, and ethical concerns in 

technology-enhanced learning.  

In music education, Mazlan et al. (2024) demonstrate how bite-sized learning and TikTok can 

support accessible, engaging, and technology-mediated music learning within the broader orientation 

of Education 5.0. Within the specific context of assessment and feedback, Ngu et al. (2025) show that 

students’ engagement with ChatGPT-generated feedback is shaped by motivation, personal learning 

goals, institutional policies, and assessment practices. Sankaran and Low (2025) similarly emphasise 

that feedback in continuous assessment should support student understanding, future improvement, 

and engagement, while remaining clear, constructive, and useful. Together, these studies support the 

proposition that AI-supported assessment is not an isolated technical issue. It is part of a wider shift in 

curriculum, pedagogy, digital feedback, learner agency, assessment design, and professional 

judgement. 
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4. Context of Practice 

 

This reflective practice took place in AMU60104 Assessment in Music Education Research, a four-

credit master’s coursework course. The course covers assessment planning, implementation, evaluation, 

data interpretation, standardised music tests, reliability, validity, ethics, musical behaviours, aptitude, 

attitude, achievement, behavioural objectives, item construction, and implications for music learning. 

The students were 18 consenting master’s coursework students, most of whom were practising music 

teachers in primary, secondary, or private music education settings. Their professional backgrounds 

made the reflections practice-rich because students were not only learning assessment concepts but also 

relating those concepts to their own teaching contexts. 

Assignment 1, Weekly Reflections, carried 15% of the course assessment. Students were required 

to post weekly reflections in the learning management system from Week 1 to Week 7. Each reflection 

could be submitted as a written post of approximately 300 words or as a video reflection of three to four 

minutes. Each reflection needed to include a key concept from the weekly topic, a classroom example 

from the student’s teaching, and a reflection on challenges or implications. Students were also required 

to reply to at least one peer each week using the Acknowledge–Extend–Question model. 

The rubric assessed four components: theory–practice connection, classroom application, critical 

reflection, and peer replies using the AEQ model. These criteria require students to move beyond 

summary. A strong reflection needed to demonstrate conceptual understanding, authentic classroom 

application, critical evaluation of practice, and dialogic peer engagement. This made the assignment 

suitable for GPT-supported self-assessment because students needed to understand not only what to 

write, but how quality was being judged. 

The AMU60104 Assessment & Feedback Assistant (M251PM2) was introduced as a customised 

GPT developed by the course lecturer. It was designed to evaluate coursework submissions using 

assignment-specific rubrics and provide clear, constructive academic feedback. For Assignment 1, 

students were encouraged to use the tool after posting their weekly reflections. The purpose was to help 

them review the quality of their reflection, understand the rubric, identify strengths and areas for 

development, and improve future reflections. The ethical instruction was explicit: students could use 

GPT to understand the rubric and improve future reflections, but they could not use GPT to generate 

the weekly reflections on their behalf. Their reflections had to come from their own teaching experience 

and learning. 

 

5. Reflective Practice Approach 

 

This paper adopts a reflective practice approach rather than a formal experimental or intervention 

design. The evidence was drawn from anonymised student reflections and voluntary feedback on the 

use of the AMU60104 Assessment & Feedback Assistant (M251PM2). It is important to clarify the 

boundary of the evidence. The study did not collect students’ exact prompts, GPT response logs, or 

full human–AI interaction histories. Therefore, the analysis does not evaluate the technical accuracy of 

GPT-generated feedback or compare AI feedback against lecturer feedback. Instead, the analysis 

focuses on how students reflected on the usefulness, limitations, and ethical implications of using the 

GPT assistant as a self-assessment support. This boundary is consistent with the paper’s positioning as 

a reflective practice brief rather than a formal validation study of an AI assessment system. 

Within this boundary, the intended use of the GPT assistant was framed through a human-in-

the-loop feedback protocol. Students were guided to complete and post their original weekly reflection 

in the learning management system before using the GPT assistant. They could then use the assistant 

to obtain rubric-linked feedback on the posted reflection and compare the feedback with the four 

assessment criteria: theory–practice connection, classroom application, critical reflection, and AEQ 

peer engagement. Students were encouraged to treat the AI feedback as provisional rather than 

authoritative by deciding whether suggestions should be accepted, adapted, questioned, or rejected. 

The feedback was directed toward improving subsequent reflections rather than rewriting earlier posts 

for grade advantage. In this way, GPT was positioned as one feedback source within a broader 

assessment ecology involving self-assessment, peer interaction, lecturer judgement, and students’ own 

teaching contexts. The human-in-the-loop process is summarised in Figure 1, which illustrates how the 

GPT assistant was positioned as a rubric-mediated feedback support rather than as an authoring tool, 
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autonomous marker, or replacement for lecturer judgement. 

 

 
 

Figure 1 Rubric-mediated human-in-the-loop feedback cycle in GPT-supported self-assessment 

 

Note The cycle illustrates the intended formative and ethical sequence of GPT use. Students first completed and 

posted their own reflections before using the GPT assistant for rubric-linked feedback. GPT feedback was treated 

as provisional and interpretive, while lecturer judgement, peer dialogue, and students’ teaching contexts remained 

central. 

 

Permission to use assignment-related reflections for research and publication purposes was requested 

separately from normal coursework participation. Students were informed that participation was 

voluntary and would not affect their grades. Only consenting students’ reflections were considered in 

the reflective analysis. The purpose was not statistical generalisation. Instead, the aim was to examine 

the pedagogical meanings emerging from students’ experiences of GPT-supported self-assessment 

within an authentic postgraduate music education assessment context.  

The reflections were read interpretively to identify recurring patterns related to rubric 

understanding, feedback use, reflective writing, professional judgement, and ethical awareness. Four 

reflective themes were developed: GPT as rubric translator, GPT as formative feedback companion, 

GPT as evaluative judgement trigger, and GPT as ethical tension. To make the interpretive logic of the 

reflective analysis more transparent, Table 1 summarises how each theme relates to the assessment issue 

Student completes and posts original 

weekly reflection in LMS

Student uses AMU60104 Assessment & 
Feedback Assistant (M251PM2)

GPT provides rubric-linked formative 
feedback

Student compares feedback with rubric 
criteria

Student exercises evaluative judgement:
accept, adapt, question, or reject 

suggestions

Student applies learning to future 
reflections

Lecturer judgement, peer dialogue, and 
students teaching context remain central
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it foregrounds, the possible risk or tension identified, and the design response used to preserve the 

formative and ethical purpose of the GPT-supported practice. 

 
Table 1 Reflective themes, assessment meanings, and design responses in GPT-supported self-assessment 

 
Reflective 

theme 

Meaning in the 

practice 

Assessment 

concept supported 
Risk or tension Design response 

GPT as 

rubric 

translator 

GPT helped students 

interpret rubric 

language such as 

theory–practice 

connection, 

classroom 

application, critical 

reflection, and AEQ 

peer engagement. 

Feedback literacy; 

assessment for 

learning 

Students may 

treat AI 

explanation as 

authoritative. 

Students were 

guided to 

compare GPT 

feedback with the 

official rubric 

and lecturer 

expectations. 

GPT as 

formative 

feedback 

companion 

GPT provided 

immediate, 

constructive feedback 

on strengths and 

areas for 

improvement. 

Formative 

feedback; self-

regulated learning 

Feedback may 

be generic or 

insufficiently 

music-specific. 

GPT feedback 

was used for 

future 

improvement, not 

as final grading 

or replacement 

for lecturer 

judgement. 

GPT as 

evaluative 

judgement 

trigger 

Students had to 

decide whether AI 

suggestions were 

relevant, accurate, 

ethical, and 

contextually 

appropriate. 

Evaluative 

judgement; AI 

literacy 

Students may 

over-rely on AI 

or accept 

suggestions 

uncritically. 

Students were 

encouraged to 

accept, adapt, 

question, or 

reject GPT 

feedback. 

GPT as 

ethical 

tension 

Students recognised 

benefits and risks, 

including authorship, 

dependency, 

accuracy, and loss of 

personal voice. 

Situated AI ethics; 

relational validity 

AI use may 

weaken 

authorship and 

assessment 

integrity. 

The ethical 

boundary was 

explicit: GPT 

could support 

feedback 

understanding 

but not generate 

reflections. 

 

Table 1 is not intended to present quantified findings or claim causal impact. Rather, it provides an 

organising map for the reflective discussion that follows. This approach is appropriate for a brief 

communication because the intention is not to overclaim causal improvement in achievement scores. 

The paper argues more cautiously that the practice created a pedagogical space for students to engage 

with assessment criteria, feedback, judgement, and ethical self-regulation. This distinction matters 

because AI-supported assessment should be studied critically rather than celebrated uncritically. 

 

 

REFLECTIVE THEMES AND DISCUSSION 

 

1. GPT as Rubric Translator 

 

The first theme was GPT as rubric translator. Students reported that the tool helped them understand 

rubric criteria more clearly, particularly in relation to what counted as a strong reflection, how to 

connect theory with practice, and how to identify areas for improvement. This theme is significant 

because rubrics are often assumed to be transparent, yet students may still struggle to interpret what 

criteria mean in practice. Terms such as “critical reflection,” “theory–practice connection,” and 

“classroom application” require interpretation, especially when students are moving between 
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professional experience and academic writing. 

The GPT appeared to mediate between the formal rubric and the student’s understanding of 

quality. Rather than functioning merely as a scoring device, the rubric became more dialogic through 

AI-supported explanation. This aligns with feedback literacy scholarship, which argues that students 

must learn to interpret and use feedback rather than simply receive it (Carless & Boud, 2018). It also 

aligns with assessment for learning because the tool was used after submission to the forum and before 

future reflections, allowing feedback to inform subsequent learning rather than only justify a grade 

(Black & Wiliam, 1998; Nicol & Macfarlane-Dick, 2006). 

However, the idea of GPT as rubric translator must be treated critically. Translation is not the 

same as judgement. AI may explain criteria in accessible language, but students still need to decide 

whether the explanation fits the assignment, their teaching example, and the lecturer’s expectations. 

The educational value therefore lies in the interaction among rubric, student, AI feedback, and human 

judgement. 

 

2. GPT as Formative Feedback Companion 

 

The second theme was GPT as formative feedback companion. Students described the feedback as 

useful for identifying strengths, weaknesses, and possible improvements. Some valued its clarity and 

immediacy, while others noted that it helped them organise ideas, improve academic expression, and 

think more critically about their teaching practice. This reflects wider feedback research showing that 

useful feedback should be timely, specific, constructive, and oriented toward improvement 

(Adarkwah, 2021; Hattie & Timperley, 2007). 

The word “companion” is important. The GPT was not positioned as the final evaluator. It 

provided formative support within a broader assessment ecology that included weekly prompts, 

lecturer-designed rubrics, peer interaction, and ethical instructions. This distinction prevents the 

practice from becoming a form of automated judgement. In a music education context, assessment 

requires attention to musical behaviour, pedagogical context, creativity, performance evidence, and 

classroom realities. These dimensions cannot be fully captured by an AI system. Parkes and Burrack 

(2020) emphasise that music classroom assessment should connect assessment processes with learning 

outcomes and teaching improvement. Therefore, GPT feedback is useful only when it remains 

connected to real teaching evidence and human interpretation. 

This theme also resonates with modern learning design. Bizami et al. (2023) argue that 

immersive blended learning requires alignment between technological affordances and pedagogical 

principles such as self-determined, peer-supported, and digitally mediated learning. In the present 

practice, GPT did not stand alone as technology. It was embedded within a reflective assessment 

structure, peer dialogue, and self-evaluation process. This is what made it educationally meaningful. 

 

3. GPT as Evaluative Judgement Trigger 

 

The third and most important theme was GPT as evaluative judgement trigger. Students did not simply 

accept the GPT feedback. Some recognised that the feedback could be too general, too long, or not 

fully aligned with their teaching context. Others noted that they needed to adapt the suggestions, 

preserve their own academic voice, and check whether the feedback matched the assignment 

requirements. This pattern is pedagogically valuable because it shows students practising judgement. 

Evaluative judgement is central to this brief communication. Tai et al. (2018) argue that students 

need to learn how to make decisions about quality. Bearman et al. (2024) further argue that GenAI 

makes this capability more urgent because students must learn to judge AI outputs and AI-supported 

processes. In the present practice, GPT feedback became a stimulus for judgement. Students had to 

ask whether the feedback was relevant, whether it reflected their actual teaching experience, whether 

it aligned with the rubric, and whether it should be accepted, adapted, or rejected. 

This finding challenges simplistic assumptions about AI in assessment. The problem is not only 

that AI may do too much for students. The deeper risk is that students may stop judging. Therefore, 

the best AI-supported assessment designs may be those that require students to critique AI feedback 

rather than merely consume it. This turns AI use into a form of assessment literacy development. 
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4. GPT as Ethical Tension 

 

The fourth theme was ethical tension. Students recognised that GPT was useful, but they also identified 

risks such as overdependence, generic feedback, accuracy concerns, loss of personal voice, and the 

need to relate feedback to real classroom experience. This tension is not a weakness of the practice. It 

is part of the learning. Ethical AI use should not require pretending that AI is risk-free. Instead, students 

and educators should learn how to identify risks and negotiate responsible boundaries. 

The ethical rule in this practice was clear: students could use GPT to understand the rubric and 

improve future reflections, but they could not use it to generate the weekly reflections. This distinction 

protected student authorship while allowing AI-supported feedback. It also reflected a situated 

approach to AI ethics. Gartner and Krašna (2023) emphasise autonomy, privacy, trust, and 

responsibility in AI education ethics, while Gaur et al. (2024) highlight privacy, bias, accountability, 

and inequality as key concerns. Mazlan et al. (2026a) extend this discussion by arguing that AI ethics 

must be understood through professional judgement and practice-based reasoning, not only through 

abstract policy principles. 

Relational validity provides an additional critical lens. Din Eak et al. (2025) argue that 

assessment validity should include coherence among evidence, interpretation, dialogue, ethics, 

fairness, and educational consequence. Applying this to GPT-supported self-assessment, the key 

question is not simply whether the GPT feedback was “accurate.” The deeper question is whether the 

practice strengthened students’ relationship with assessment criteria, enhanced their capacity to 

interpret feedback, preserved ethical authorship, and supported meaningful learning consequences. 

From this perspective, AI-supported assessment should be judged by its educational relationships, not 

only by its technical outputs. 

 

5. Implications for Assessment Practice 

 

This reflective practice brief suggests several implications. First, AI-supported assessment should 

begin with assessment design, not with the tool. The AMU60104 Assessment & Feedback Assistant 

(M251PM2) was meaningful because it was linked to a specific assignment, rubric, course learning 

context, and ethical instruction. Without these anchors, AI feedback may become generic or 

misaligned. Second, AI feedback should remain formative and provisional. Students should be 

encouraged to treat AI feedback as something to interpret rather than something to obey. This supports 

assessment for learning because it encourages students to use feedback for future improvement while 

preserving responsibility for judgement (Nicol & Macfarlane-Dick, 2006; Wiliam, 2011). 

Third, AI-supported assessment should deliberately develop feedback literacy and evaluative 

judgement. Students can be asked to compare AI feedback with rubric criteria, identify which 

suggestions are useful, reject suggestions that are inappropriate, and explain how they will apply 

feedback in future work. Such activities help students become active participants in feedback processes 

rather than passive recipients (Carless & Boud, 2018; Song et al., 2025; Tai et al., 2018). Fourth, AI 

integration should include ethical boundaries that are clear, teachable, and assessment specific. General 

statements such as “use AI responsibly” may be insufficient. Students need to know what forms of AI 

use are permitted, what forms are not permitted, and why these distinctions matter for authorship, 

learning, and fairness. This caution is particularly important in music education, where recent 

scholarship shows that AI applications may support teaching, learning, and assessment, but also raise 

pedagogical challenges related to musical interpretation, teacher expertise, contextual relevance, and 

ethical implementation (Mazlan et al., 2026b). 

Finally, music education assessment should resist full automation because music learning 

involves contextual, expressive, technical, cultural, and pedagogical judgement. AI can support clarity, 

structure, and reflection, but it cannot replace the teacher’s interpretive understanding of musical 

learning. The future of assessment in music education should therefore be human-centred and AI-

aware rather than AI-driven. 
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6. Limitations 

 

This brief communication has limitations. It is based on one master’s coursework course and a small 

group of 18 consenting students. The reflections provide practice-based insight but do not support 

statistical generalisation. The paper also does not include pre- and post-measures of reflective writing 

quality, so it cannot claim measurable improvement in achievement. In addition, the study did not 

collect students’ exact prompts, GPT response logs, or full interaction histories. As a result, the paper 

cannot determine whether the GPT assistant provided consistently accurate, rubric-aligned, or music-

specific feedback across all student uses. The analysis is therefore limited to students’ reflective 

accounts of their experience with GPT-supported self-assessment. 

Another limitation concerns positionality. The course lecturer designed the GPT assistant and 

taught the course, which creates possible power-relation and social desirability concerns despite 

voluntary consent. Future research could compare lecturer feedback, peer feedback, AI feedback, and 

student uptake to examine alignment, accuracy, specificity, and learning consequences more 

systematically. Future studies could also collect prompt-output samples, conduct expert validation of 

GPT feedback, and investigate whether GPT-supported feedback literacy develops across multiple 

assignments. 

 

 

CONCLUSION 

 

This brief communication has argued that a customised GPT can function as a rubric mediator when 

embedded within clear assessment design, ethical instruction, and reflective practice. In the 

AMU60104 context, the AMU60104 Assessment & Feedback Assistant (M251PM2) was not used to 

replace the lecturer, automate grading, or generate student work. Instead, it supported students in 

interpreting rubrics, identifying areas for improvement, and reflecting on the quality of their own 

writing and assessment understanding. 

The central argument is that AI in assessment should not be evaluated only through efficiency, 

automation, or technological novelty. Its deeper educational value lies in whether it strengthens human 

judgement. When students use AI feedback to understand criteria, question suggestions, preserve their 

own voice, and improve future work, AI may support assessment for learning. When students accept 

AI uncritically or use it to bypass thinking, it weakens assessment. 

This is the time for education to rethink, redefine, and refine its stand on assessment in the age 

of AI. Educators and students are being asked not only to learn new tools, but also to relearn the 

purposes of feedback and unlearn narrow assumptions that assessment is merely grading, detection, or 

compliance. The emerging AI-mediated learning condition may be tentatively described as tetagogical: 

a convergence of teacher-guided pedagogy, adult learning, self-determined learning, peer-supported 

learning, cyber-mediated learning, and AI-supported feedback. The term is used here not as a settled 

theory, but as a provocation for further scholarly discussion. If pedagogy asks how teachers guide 

learning, and heutagogy asks how learners determine learning, tetagogy may ask how human and non-

human agents now participate in feedback, judgement, and learning design. 

The future of assessment should therefore not be framed as a choice between human judgement 

and artificial intelligence. It should be framed as a principled redesign of how both can coexist without 

weakening the ethical, reflective, and human purposes of education. In music education, where 

assessment is deeply tied to performance, interpretation, creativity, and professional judgement, this 

principle is especially important. AI may help students see the rubric more clearly, but educators must 

ensure that students still learn to hear, judge, question, and decide for themselves. 
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